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We prepared.a prototype using Raspberry Pi 4B, PI camera and bread board.. We made tl:\IS prototype In prototype testing process, we used weeds and sunflower
Interactive with our application by connecting it to the internet. The detection process Is started by from our chosen region to test the closeness of our project

scanning the QR code on the device. The user can follow the detection process with snapshots from the to the actual result.

application. : :
We achieved a result close to our aim and goal that we
4 ) stated during the project, through the dataset we created,

aWarning Light Alarm

o the model we trained and the tests we made.
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"""""" As a future work, we can develop our project and turn it
Weed Dstection into a real life project with the support of some investors

and agricultural people we communicate with in that
chosen region.
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Fig. 12: Prototype and mobile application



